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The Novel Label Free Staining Algorithm in Digital Pathology
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8 oF Nz AAEES TR YsiAE H&EMHematoxylin&Eosin) g4jo] Fesith Hel gMe @we n83} A7to]
Zasith HE o3 v &Y AIZFS Zolnx txY A wbHo) /\7HQ_‘_ At B AFdAs W HEE dAl9 tixg
W Pl i AR duEEes Addh A WA gauEEd Pardelth. ¥ wH-e FPM(Fourier Ptychographic
Microscopy) &2 % 4% Phase Y43} FA=A gk Amphtude S slgalel dAlE Amplitude Ao 2 W3ksITH
T A dug)Ee Unpairdgolth B dbie daw Fgdnd Jaa GAaER oo 3dnd I8 shgete nag
3t bAE G gty B Aol A= GAN(generative Adversarial Network)S &-g3te] TjAd 418 Mgt 4
7 A3 Pard {3 Unpaird 257 953 A% tAYE 44 2345 grsyit.

o

o FH0] : 2IBAIS, CIXEEa], ZFEEELIE, HIO[EXz2], TR A

Abstract To distinguish cancer cells from normal cells, H&E (Hematoxylin & Eosin) staining is required. Pathological staining
requires a lot of money and time. Recently, a digital dyeing method has been introduced to reduce such cost and time. In this paper,
we propose a novel digital pathology algorithms. The first algorithm is the Pair method. This method learns the dyed phase image
and unstained amplitude image taken by FPM (Fourier Ptychographic Microscopy) and converts it into a dyed amplitude image. The
second algorithm is the unpair method. This method use the stained and unstained fluorescence microscopic images for modeling. In
this study, digital staining was performed using a generative adversarial network (GAN). From the experimental results, we noticed
that both the pair and unpair algorithms shows the excellent performance.
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3.2 Frechet Inception Distance (FID)
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