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a9 41 3749 HolA =AY

F 41 3739 #HolA 2AY A%

Spec 3D Laser Scanner
L (Cyberware)
Resolution 512%512
Field of View Theta 360, Max 340mm(Y) 300mm
3D format OB]J, PLY, STL
Acquisition time 90sec
Vertex point Max 100,00
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18 4.2 Flea CCD 7}# =

¥ 4.2 Flea CCD camera A%

Spec 2D CCD Camera (Flea)
Resolution 640480

SNR 50dB
Frame Rates 60 fps

Sensor Sony 1/3” Type Sony HAD CCD
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Abstract

A POSE ROBUST MULTI-VIEW FACE
RECOGNITION SYSTEM USING PLANE OF
POSE TENDENCY

Bongjoe kim
Biometrics Engineering Research Center
The Graduate School

Yonsei University

In this paper, we propose a pose robust multi-view face recognition system
using Plane of Pose Tendency (PPT). The proposed system defines the PPT
which represents the tendency of pose variation well presented in multiple
images. Recognition is done by matching points of the input images with PPT.
Since PPT contains the tendency of pose variation, this plane might have the
tolerance about pose estimation error.

To demonstrate the effectiveness of the proposed system, the recognition rate
based on method of Nearest Neighbor is compared with the recognition rate
obtained from proposed method. From experimental results, the recognition rate
for the proposed system increases by 15%. Additionally, we analyze the pose
robustness of the proposed system based on the sensitivity to the error of
pose estimation. The recognition rate of the traditional system steeply
decreases under the existence of pose error. However, the proposed system is
more robust than the traditional system because the proposed system utilizes

the tendency of pose variation based on the concept of the proposed PPT.

Key words : Plane of Pose Tendency, multi-view
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